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Disclaimers I  
ÅI donôt have a magic bullet for publishing 

ïThis is simply my best effort to the community, especially 

young faculty, grad students and ñoutsidersò. 

ÅFor every piece of advice where I tell you ñyou 

should do thisò or ñyou should never do thisòé 

ïYou will be able to find counterexamples, including ones 

that won best paper awards etc. 

ÅI will be critiquing some published papers (including 

some of my own), however I mean no offence.  

ïOf course, these are published papers, so the authors 

could legitimately say I am wrong.     



Disclaimers II  
ÅThese slides are meant to be presented, and then 

studied offline. To allow them to be self-contained 

like this, I had to break my rule about keeping the 

number of words to a minimum. 

ÅYou have a PDF copy of these slides, if you want a 

PowerPoint version, email me. 

ÅI plan to continually update these slides, so if you 

have any feedback/suggestions/criticisms please let 

me know.      



Disclaimers III  
ÅMany of the positive examples are mine, making 

this tutorial seem self indulgent and vain. 

ÅI did this simply becauseé 

ïI know what reviewers said for my papers. 

ïI know the reasoning behind the decisions in my papers. 

ïI know when earlier versions of my papers got rejected, 

and why, and how this was fixed.  

 



Disclaimers IIII  
ÅMany of the ideas I will share are very simple, you 

might find them insultingly simple. 

ÅNevertheless, in my ten year experience as a 

reviewer/area chair, at least half of papers submitted 

to SDM/SIGKDD/ICDM/ have at least one of these 

simple flaws.  

 

 



The Following People Offered Advice 

Å Geoff Webb 

Å Frans Coenen 

Å Cathy Blake 

Å Michael Pazzani 

Å Lane Desborough 

Å Stephen North 

Å Fabian Moerchen  

Å Ankur Jain 

Å Themis Palpanas 

Å Jeff Scargle 

Å Howard J. Hamilton  

Å Mark Last 

Å Chen Li 

Å Magnus Lie Hetland 

Å David Jensen 

Å Chris Clifton 

Å Oded Goldreich 

Å Victoria Stodden 

 

 

Å Michalis Vlachos 

Å Claudia Bauzer Medeiros 

Å Chunsheng Yang 

Å Xindong Wu 

Å Lee Giles  

Å Johannes Fuernkranz 

Å Vineet Chaoji 

Å Stephen Few 

Å Wolfgang Jank 

Å Claudia Perlich 

Å Mitsunori Ogihara 

Å Hui Xiong 

Å Chris Drummond  

Å Charles Ling  

Å Charles Elkan 

Å Jieping Ye 

Å Saeed Salem 

Å Tina Eliassi-Rad 

Å Parthasarathy Srinivasan 

Å Mohammad Hasan  

Å Vibhu Mittal 

Å Chris Giannella 

Å Frank Vahid 

Å Carla Brodley 

Å Ansaf Salleb-Aouissi  

Å Tomas Skopal  

Å Frans Coenen 

Å Sang-Hee Lee  

Å Michael Carey 

Å Vijay Atluri  

Å Shashi Shekhar  

Å Jennifer Windom 

Å Hui Yang 

Å Graham Cormode 

 

 

 

These people are not responsible for any controversial or incorrect claims made here 

My students: Jessica Lin, Chotirat Ratanamahatana, Li Wei, Xiaopeng Xi, Dragomir Yankov, Lexiang 

Ye, Xiaoyue (Elaine) Wang , Jin-Wien Shieh, Abdullah Mueen, Qiang Zhu, Bilson Campana 



Outline  

ÅThe Review Process 

ÅWriting a data mining paper 

ïFinding problems/data 

ÅFraming problems 

ÅSolving problems 

ïTips for writing 

ÅMotivating your work 

ÅClear writing 

ÅClear figures  

ÅThe top ten reasons papers get rejected 

ïWith solutions  



The Curious Case of Srikanth Krishnamurthy 

ÅIn 2004 Srikanthôs student submitted a paper to MobiCom 

ÅDeciding to change the title, the student resubmitted the 

paper, accidentally submitting it as a new paper 

ÅOne version of the paper scored 1,2 and 3, and was rejected, 

the other version scored a 3,4 and 5, and was accepted! 

 

ÅThis ñnaturalò experiments suggests that the reviewing 

process is random, is it really that bad? 



Reviewers do get it (very) wrong sometimes 

David Lowe's work on the SIFT method has about 10,000 

citations, it was the most highly cited paper in all of 

engineering sciences in 2005.  

I did submit papers on earlier versions of 

SIFT to both ICCV 97 and CVPR 98 and both 

were rejected... David Lowe  
Story from Yann LeCun  

 

David Lowe  



Mean and standard deviation 

among review scores for 

papers submitted to recent 

SIGKDD 

30 papers were 

accepted 

Å Papers accepted after a discussion, not solely based on the mean score.  

Å These are final scores, after reviewer discussions.  

Å The variance in reviewer scores is much larger than the differences in 

the mean score, for papers on the boundary between accept and reject.  

Å  In order to halve the standard deviation we must quadruple the 

number of reviews. 

A look at the 

reviewing 

statistics for 

a recent 

SIGKDD  

(I cannot say what year) 

0 50 100 150 200 250 300 350 400 450 500 0 

1 

2 

3 

4 

5 

6 

Mean number of reviews 3.02  104 papers 

accepted  
Paper ID  



Mean and standard deviation 

among review scores for 

papers submitted to recent 

SIGKDD 

30 papers were 

accepted 

Å At least three papers with a score of 3.67 (or lower) must have been 

accepted. But there were a total of 41 papers that had a score of 3.67. 

Å That means there exist at least 38 papers that were rejected, that had 

the same or better numeric score as some papers that were accepted. 

Å Bottom Line: With very high probability, multiple papers will be 

rejected in favor of less worthy papers. 

Conference 

reviewing is an 

imperfect system. 

We must learn to live 

with rejection. 

All we can do is try 

to make sure that 

our paper lands as 

far left as possible  
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30 papers were 

accepted 

Å Suppose I add one reasonable review to each paper. 

Å A reasonable review is one that is drawn uniformly from the range of 

one less than the lowest score to one higher than the highest score. 

Å If we do this, then on average, 14.1 papers move across the 

accept/reject borderline. This suggests a very brittle system. 

A sobering 

experiment  
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30 papers were 

accepted 

Å Suppose you are one of the 41 groups in the green (light) area. If you 

can convince just one reviewer to increase their ranking by just one 

point, you go from near certain reject to near certain accept. 

Å Suppose you are one of the 140 groups in the blue (bold) area. If you 

can convince just one reviewer to increase their ranking by just one 

point, you go from near certain reject to a good chance at accept.   

But the good 

news isé  

Most of us only 

need to 

improve a little 

to improve our 

odds a lot. 

Mean and standard deviation 

among review scores for 

papers submitted to recent 

SIGKDD 
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Idealized Algorithm for Writing a Paper 

ÅFind problem/data 

ÅStart writing  (yes, start writing before and during research) 

ÅDo research/solve problem 

ÅFinish 95% draft 

ÅSend preview to mock reviewers  

ÅSend preview to the rival authors (virtually or literally) 

ÅRevise using checklist. 

ÅSubmit 
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What Makes a Good Research Problem?  

ÅIt is important:  If you can solve it, you can make money, 

or save lives, or help children learn a new language, or... 

ÅYou can get real data: Doing DNA analysis of the Loch 

Ness Monster would be interesting, buté 

ÅYou can make incremental progress: Some problems are 

all-or-nothing. Such problems may be too risky for young 

scientists. 

ÅThere is a clear metric for success: Some problems fulfill 

the criteria above, but it is hard to know when you are 

making progress on them. 



Finding Problems/Finding Data 

ÅFinding a good problem can be the hardest part 

of the whole process. 

ÅOnce you have a problem, you will need dataé 

ÅAs I shall show in the next few slides, finding 

problems and finding data are best integrated. 

 

ÅHowever, the obvious way to find problems is 

the best, read lots of papers, both in SIGKDD 

and elsewhere. 



Domain Experts as a Source of Problems 

ÅData miners are almost unique in that they can 

work with almost any scientist or business    

ÅI have worked with anthropologists, 

nematologists, archaeologists, astronomers, 

entomologists, cardiologists, herpetologists, 

electroencephalographers, geneticists, space 

vehicle technicians etc 

ÅSuch collaborations can be a rich source of 

interesting problems.  



ÅGetting problems from domain experts might come 

with some bonuses 

ÅDomain experts can help with the motivation for the paper  

ï ..insects cause 40 billion dollars of damage to crops each year.. 

ï ..compiling a dictionary of such patterns would help doctors diagnosis.. 

ï Petroglyphs are one of the earliest expressions of abstract thinking, and a true hallmark...  

ÅDomain experts sometimes have funding/internships etc 

ÅCo-authoring with domain experts can give you credibility. 

Working with Domain Experts I 

SIGKDD 09 


